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INTRODUCTION

Daily experience suggests that not all words in the conversation, but only a few Typical keyword spotting systems are still based on conventional automatic speech

Important ones, need to be recognized for satisfactory speech communication. recognition (ASR), which might not be the optimal strateqy. In this work we study an
Keyword spotting approaches this by trying to recognize only a limited humber of words alternative approach to keyword spotting where the goal is to find the target sounds and
while ignoring the rest. ignore the rest.
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FROM ACOUSTIC STREAM TO PHONEME POSTERIORS
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- Derivatives across frequency

Features are fed to an MLP (TANDEM probability

estimator [1]) trained to give the phoneme posterior  Fig- 1. Normalized impulse
responses of the two

estimates sampled and truncated
Gaussianderivatives.
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FROM FRAME-BASED PHONEME POSTERIORS
TO PHONEME-SPACED POSTERIORS
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Aposteriorthreshold is applied Fig. 2. The matched filter bank of tem-
poral trajectories of phoneme posteriors
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Threshold | FROM PHONEME-SPACED POSTERIORS TO WORDS
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| An alarm is set, if the right
| stream of phonemes appears

; | within certainintervals
These intervals are defined by
< >i¢ > looking at the keywords in the | | | |
STEP 3 < > o _ Fig. 3. Histograms of the distances (in frames)
\ Keyword / \tram ing data (Fig. 3) between phonemes of the word one.
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